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Foreword 

Artificial intelligence (AI) is transforming how data are collected, processed and disseminated. For national 
statistics offices (NSOs), particularly in low- and middle-income countries, the challenge is no longer 
whether AI will be used, but how it can be adopted responsibly and sustainably while upholding the 
principles of quality, transparency and public trust that underpin official statistics. 

National statistical offices (NSOs) today face a dual challenge: meeting the growing demand for timely, 
granular and trustworthy data while contending with strained budgets, skills gaps and outdated systems. 
The strain is especially acute in low- and middle-income countries. Artificial intelligence (AI) offers NSOs 
unprecedented opportunities to automate labour-intensive tasks, enhance analytical capabilities and 
modernise data dissemination.  

Yet the benefits of AI are not automatic. AI adoption must be responsible, preserving the ethics and integrity 
that define official statistics. Absent the right institutional readiness – governance safeguards, skilled 
people, data infrastructure, and clear mandates and strategies – AI initiatives may stall or introduce new 
risks.  

Following the publication of Towards AI-Ready National Statistical Offices: A Framework for Strengthening 
NSO Capacity in Low- and Middle-Income Countries, this guidance document provides the practical 
methodology to translate the SPEED framework (State, Policy, Expertise, Engine, and Delivery) into action. 
It introduces a structured, evidence-based self-assessment that enables NSOs to take stock of their current 
readiness for AI, identify priority gaps, and anchor AI-related reforms within national statistical strategies 
and broader data and digital agendas. The objective is not comparison or ranking, but country-owned 
diagnosis to drive decision-making.  

Developed by PARIS21 in collaboration with the Task Team on AI for Official Statistics (TTAI), the AI 
Readiness SPEEDometer reflects PARIS21’s long-standing commitment to strengthening statistical 
systems through nationally led, sustainable capacity development. By emphasising governance, skills, 
data foundations and value delivery alongside technology, the methodology supports NSOs in using AI 
where it matters most: advancing better data for better lives, while reinforcing the credibility and long-term 
resilience of official statistics.   
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Reader’s guide  

Why this guide was developed 

The assessment methodology presented in this guide is a tool to assist NSOs in evaluating the AI 
readiness of their country’s national statistical system (NSS) and support them in upgrading their level of 
AI readiness. Its primary purpose is to enable structured self-assessment that informs nationally led action 
plan design and implementation. It is explicitly not intended as a tool for global benchmarking, ranking or 
comparison across countries. 

How to use the assessment methodology 

The assessment methodology is made up of several components. This report introduces the self-
assessment methodology which has been designed to help national statistical offices (NSOs) evaluate 
their readiness to adopt and implement artificial intelligence. The toolkit is made up of this PDF guide, the 
SPEEDometer tool Excel spreadsheet, the concise summary of the methodology presentation and an 
Action brief.  

This report introduces the AI Readiness SPEEDometer, a structured self-assessment toolkit designed by 
the PARIS21 Task Team on AI for Official Statistics (TTAI) to help NSO leadership and technical teams 
gauge and strengthen their preparedness for AI in an evidence-based, pragmatic manner. In addition to 
this reference manual, the toolkit includes the SPEEDometer, an Excel tool for scoring, and the Action 
Brief, a PowerPoint template for results. 

It is essential for all team members to be familiarised with the self assessment framework material before 
they begin an assessment. This report provides a detailed overview of the objectives, a step-by-step guide 
to the process, a detailed breakdown of roles and responsibilities, and detailed information regarding the 
criteria of the assessment. 

Who is this toolkit for? 

The AI Readiness Self-Assessment Framework is mainly intended for use by countries carrying out self-
assessments, however, it may also be useful to other users who are interested in developing strategies to 
prepare their organisation to adopt AI tools. 

For national statistical offices, AI readiness self-assessment is designed to be a multistakeholder process, 
led by a focal point within the national statistical office. It is highly recommended to assemble a team that 
includes 

• Sponsor – a director-general (DG) or deputy DG responsible for championing the assessment, 
ensuring buy-in, and validating final results and a roadmap 
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• AI readiness co-ordinator – a senior manager (e.g. director of methodology, planning or IT) 
responsible for managing the eight- to ten-week process, co-ordinating Pillar Leads, facilitating 
workshops, consolidating results and drafting reports 

• Pillar leads (five) – directors or unit heads, one assigned to each of the five SPEED pillars, who 
are responsible for gathering evidence, conducting interviews and leading scoring for their pillar 

• Subject matter contributors and team members – staff from relevant units such as legal, human 
resources (HR), dissemination, IT and specific statistical domains who are consulted, provide 
evidence, and participate in interviews and calibration workshops 

• Facilitator or notetaker (optional) – a person who supports the co-ordinator in managing workshops 
and documentation 

How the self-assessment works 

The SPEEDometer is built on the SPEED framework, which evaluates five critical domains of readiness: 
State, Policy, Expertise, Engine (Data and Infrastructure), and Delivery. It employs a simple five-step self-
assessment process designed to be lightweight and run by an NSO's own internal team over approximately 
eight to ten weeks. The process emphasises local evidence (e.g. existing laws, strategies and internal 
records) over opinion.  

Using the self-assessment to strengthen AI readiness 

The result of the self-assessment process is not just a score but a clear baseline understanding of the 
NSO's AI readiness. Findings are visualised in an AI Readiness Radar chart highlighting strengths and 
weaknesses across the five pillars. This guide provides a step-by-step process to translate these results 
into a prioritised AI Readiness Action Brief, enabling evidence-based conversations with government 
counterparts, partners, and funders. Ownership and transparency of the self-assessment process and 
results are important details for NSOs to consider, and the guided process of this assessment helps 
facilitate these discussions internally. Ultimately, the SPEEDometer empowers NSOs to self-diagnose, 
prioritise reforms and chart a course to responsibly leverage AI for greater efficiency and public value. 

How does this work inform wider efforts to improve AI readiness? 

It forms part of a broader suite of AI-readiness resources built around the SPEED framework, published in 
2025, and should be read alongside the accompanying toolkit: a set of practical tools to support NSOs in 
carrying out the self-assessment. Together, these resources offer both the conceptual foundation and the 
hands-on guidance needed to navigate AI-readiness in a structured, evidence-based way. 

This methodology is a living resource. Published as Version 1.0, it will be revised on an ongoing basis to 
reflect feedback from NSOs that pilot the toolkit, as well as evolving technological developments and 
emerging best practices in AI-readiness. NSOs using this assessment for the first time are encouraged to 
engage critically with the tools and share their experience, as their input will directly shape future iterations. 
Version 2.0 is planned for publication at the end of 2026. 
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The SPEED framework builds on and complements existing models for digital and AI readiness, adapting 
global best practices to the unique context of NSOs, particularly those in low- and middle-income countries. 
It was developed based on an extensive literature review and analysis of global, national, private sector 
and academic assessment tools. This section outlines these models and adjustments needed to make 
them relevant for assessing NSOs’ AI readiness. 

• National-level indices: These indices benchmark a country's entire ecosystem. Examples include 
the Oxford Insights Government AI Readiness Index (GARI) 2, the International Monetary Fund AI 
Preparedness Index (AIPI), and the United Nations Development Programme’s AI Readiness 
Assessment (AIRA). These allow for macro-level insights into the external enabling environment 
(e.g. infrastructure, policy and skills) that are covered in the state pillar of the SPEED framework.  

• Public sector frameworks: Prominent examples include the World Bank’s GovTech Maturity 
Index (GTMI), Statistical Performance Indicators (SPI) 12 and Digital Government Readiness 
Assessment (DGRA) toolkit and the OECD’s forthcoming AI Policy Toolkit. The SPEED framework, 
which highlights the importance of governance (policy pillar) and institutional maturity, draws on 
methodological insights from these models, including maturity scales and evidence-based scoring.  

• Private sector and academic models: Enterprise models offer approaches for measuring 
maturity, operating models, governance and value creation. Firms that have such models include 
Gartner, PwC, Deloitte and the Boston Consulting Group (BCG); academic frameworks include the 
Technology-Organisation-Environment (TOE). The SPEED framework maps its scoring levels to 
concepts such as Gartner's Awareness to Transformational stages and incorporates the 
dimensions of strategy, data, tech, governance, culture and value (policy, expertise, engine and 
delivery pillars). 

While informative, these existing models often do not meet the needs of NSOs. They are not built with 
statistical mandates in mind; rarely map to the Generic Statistical Business Process Model (GSBPM) or 
the Generic Activity Model for Statistical Organizations (GAMSO); and overlook the specific operational 
realities of NSOs (e.g. fusing survey, administrative and new data sources) and the ethical standards (e.g. 
public trust and confidentiality) that are crucial for official statistics.  

Developed to fill these gaps, the SPEED framework is uniquely tailored to the realities of a statistical office 
in several specific ways.  

• Mandate first: SPEED prioritises public trust, confidentiality, privacy controls, algorithm registers 
and auditability (policy pillar).  

• Lifecycle fit: SPEED aligns readiness criteria with the phases of the statistical value chain 
(GSBPM), ensuring relevance to NSO workflows.  

• Data specific: SPEED addresses the NSO challenge of integrating diverse survey, administrative, 
earth observation and private data sources (engine pillar).  

1.  Adapting established assessment 
tools for NSO AI readiness  
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• Production-grade AI: SPEED emphasises data governance ("data as a product"), metadata, 
lineage, quality assurance and machine learning operations (MLOps) to protect statistical integrity 
(engine pillar).  

• Public value, not revenue: SPEED tracks success using NSO-relevant metrics such as 
timeliness, quality, coverage, disaggregation, user trust and cost per output (delivery pillar).    

In summary, SPEED provides a bridge between international AI principles and the operational needs of 
statistical agencies, translating global best practices into a practical, NSO-specific toolkit.  
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This section presents the practical methodology for conducting the self-assessment, including the 
framework pillars, team setup, toolkit components, step-by-step process and scoring model. 

The SPEED framework 

The SPEED framework is a diagnostic tool consisting of five interlocking pillars that capture the spectrum 
of institutional readiness needed for AI adoption in an NSO. These pillars are interdependent: Strength in 
one pillar cannot fully compensate for weakness in another. Following is a description of each pillar and 
the diagnostics associated with them:  

• State and Ecosystem (S) assesses the external enabling environment. This includes national 
policies (digital and AI strategies); laws (data protection, cybersecurity, Statistics Act); 
infrastructure (connectivity, energy, cloud posture); the data ecosystem (core registers, 
interoperability); partnerships (academia, private sector, line ministries); sustainable financing and 
procurement frameworks; and public trust. The NSO cannot control these factors but must align 
with them. 

• Policy, Governance and Trust (P) examines the internal rules of the road meant to ensure that 
AI is used lawfully, ethically and transparently to maintain public trust. This covers the NSO's legal 
mandate for data access, formal data-sharing agreements, institutional   data and AI strategy, 
quality assurance frameworks, governance bodies (e.g. ethics committee), ethics-by-design 
processes such as data protection impact assessments (DPIAs), algorithm registers, procurement 
policies, and transparency practices. The policy pillar is arguably the most critical for an NSO. 

• Expertise, Skills and Culture (E) focuses on the human capacity and organisational environment 
needed to support innovation. This includes the availability of diverse skills (development theory 
and practice, statistics, data science, IT); foundational data and AI literacy programmes for all staff; 
competency frameworks and career paths for data roles; knowledge-sharing mechanisms such as 
communities of practice (CoPs); leadership sponsorship for innovation; change management 
practices; and a culture that encourages experimentation and collaboration. 

• Engine (Data and Infrastructure) (En) assesses the NSO's technical backbone – meaning the 
data, platforms and infrastructure powering AI. These include data governance; adherence to 
metadata and data standards (such as the FAIR principles of findable, accessible, interoperable 
and reusable data, with an emphasis on machine actionability); automated data quality controls; 
data security and privacy measures; availability of an open data platform; adequacy of IT 
infrastructure (compute, storage, tools); internal data integration; and defined processes for data 
and model lifecycle management, including MLOps where applicable. 

• Delivery and Value (D) examines the NSO's ability to execute AI projects and deliver tangible 
public value. This includes its processes for prioritising use cases; developing business cases; 
defining pathways from pilot to production (and avoiding so-called pilot-itis); tracking value and 

2.  AI readiness assessment 
methodology and scoring  
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performance metrics (efficiency gains, quality improvements); developing new data products 
and/or services; engaging users; and ensuring alignment with strategic priorities like the 
Sustainable Development Goals. 

Team composition and the proposed Responsible, Accountable, Consulted, 
Informed (RACI) matrix 

Conducting the SPEED self-assessment requires a small, cross-functional internal team that will build 
ownership across the institution and ensure that results are actionable. Typically, the team members will 
include the following: 

• Sponsor – a director-general (DG) or deputy DG responsible for championing the assessment, 
ensuring buy-in, and validating final results and a roadmap 

• AI readiness co-ordinator – a senior manager (e.g. director of methodology, planning or IT) 
responsible for managing the eight- to ten-week process, co-ordinating Pillar Leads, facilitating 
workshops, consolidating results and drafting reports 

• Pillar leads (five) – directors or unit heads, one assigned to each of the five SPEED pillars, who 
are responsible for gathering evidence, conducting interviews and leading scoring for their pillar 

• Subject matter contributors and team members – staff from relevant units such as legal, human 
resources (HR), dissemination, IT and specific statistical domains who are consulted, provide 
evidence, and participate in interviews and calibration workshops 

• Facilitator or notetaker (optional) – a person who supports the co-ordinator in managing 
workshops and documentation 

A RACI matrix, illustrated in Table 2.1, can help clarify team members’ roles in the NSO’s five-step self-
assessment process. 

Table 2.1. Proposed RACI matrix for the AI readiness self-assessment 

Step Activity  Responsible  Accountable  Consulted  Informed  

1 Frame and mobilise  Co-ordinator, Pillar leads  Sponsor (DG)  Unit heads, HR, IT  All staff  

2 Collect evidence  Pillar leads  Co-ordinator  Subject matter 
contributors, external 
partners*  

Sponsor, team  

3 Calibrate and score  Pillar leads, co-ordinator  Co-ordinator  Team members, subject 
matter contributors  

Sponsor  

4 Analyse and 
visualise  

Co-ordinator  Co-ordinator  Pillar leads, team 
members  

Sponsor  

5 Validate and 
prioritise  

Sponsor (DG), co-
ordinator  

Sponsor (DG)  Unit heads, Steering 
Committee*  

All staff, 
partners*  

Note: * Where applicable or relevant. 
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The toolkit components 

This practical toolkit contains the following elements to help guide NSOs through the AI-readiness self-
assessment process.  

The Guide: The AI Readiness Self-Assessment: A Practical Guide for NSOs, serves as a comprehensive 
reference manual explaining the framework, methodology, scoring and indicator library and how to use the 
results.  

The SPEEDometer: This Excel tool is an interactive scorecard for data entry (evidence links and scores); 
automated calculation of pillar and overall scores; and generation of visualisations such as radar charts or 
heatmaps. 

The Action Brief: This PowerPoint template is a tool for summarising assessment findings, key strengths 
and gaps, the AI Readiness Radar, and prioritised recommendations for both NSO leadership and other 
key NSS stakeholders. 

 Institutional ownership and transparency of results and the process 

Institutional ownership of AI readiness in official statistics requires that there be clear anchoring and careful 
co-ordination. The NSO should lead the process in close collaboration with the broader NSS and ensure 
alignment with national strategic planning instruments, including the national strategy for the development 
of statistics (NSDS). Because AI is embedded in a wider digital and regulatory ecosystem, relevant 
authorities should also be informed and supportive of AI readiness to ensure policy coherence. While the 
NSO-led model is generally the most appropriate approach to safeguard the NSO’s statistical mandate, 
alternative governance arrangements may also be suitable depending on country context and legal 
frameworks. 

Transparency of the process and results is especially essential for their credibility. However, the process 
must be clearly framed and transparent internally (within the NSO) to ensure trust and consistency. As the 
process and results are primarily an internal management tool, not a mechanism for public ranking or 
cross-country benchmarking, decisions on publication should rest with the NSO, taking national context 
into account. Transparency therefore means clarity on methodology and follow-up action, not disclosure 
of scores. 

The five-step self-assessment process 

The assessment is done in a structured five-step process that typically is completed in eight to ten weeks.  

Step 1: Frame and mobilise (weeks 1-2) 

• Secure leadership buy-in (sponsor formally launches the self-assessment via memo) 
• Appoint the assessment team (co-ordinator and Pillar leads) 
• Validate the scope – review pillars and indicators, adapt, if necessary, and note exclusions 
• Hold a kick-off workshop to ensure a common understanding of the framework, timeline and roles 

(RACI finalised) 
• Establish the evidence repository (secure shared folder) 
• Compile initial key documents (Statistics Act, strategies, etc.) 
• Outcome: Clear assessment plan, mobilised team, agreed workplan 
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Step 2: Collect evidence (weeks 2-5) 

• Pillar leads gather documentary evidence specified for each indicator (policies, logs, reports, 
templates, etc.), aiming for at least one piece of documentary and one piece of operational 
evidence per indicator 

• Conduct short, structured interviews with internal process owners and relevant stakeholders (using 
provided guides) to validate documentation and capture operational reality 

• Label, store and cross-reference all evidence in the central repository 
• Outcome: Comprehensive, organised evidence pack ready for scoring 

Step 3: Calibrate and score (the scoring workshop) (weeks 6-7) 

• Optional pre-calibration: a minimum of two independent assessors per pillar assign preliminary 
scores (2, 4, 6, 8, 10) based on evidence and rubrics 

• Hold calibration workshop(s) facilitated by the co-ordinator 
• The full assessment team reviews evidence together for each indicator 
• Discuss interpretations, resolve differences (using rubrics) and agree on a single consensus score 

per indicator 
• Record the final score, rationale and confidence level (high, medium or low) for each indicator 
• Outcome: Verified set of consensus indicator scores with consistent interpretation 

Step 4: Analyse and visualise (week 8) 

• Co-ordinator aggregates scores by calculating average pillar scores and the overall NSO score  
• Generate visualisations using the SPEEDometer Excel tool with the AI Readiness Radar chart, bar 

charts and indicator heatmaps 
• Analyse results by identifying patterns, strengths, critical gaps and interdependencies across pillars 
• Optional prioritisation workshop where findings are used to identify and prioritise key actions (e.g. 

using impact-feasibility matrix) 
• Prepare a brief analytical summary and draft Action Brief 
• Outcome: Visualised results and analytical summary highlighting key findings and draft priorities 

Step 5: Validate and prioritise (sign-off) (weeks 9-10) 

• Present final dashboard, analysis, and draft action plan and priorities to NSO senior leadership 
(sponsor and/or DG and management team) in a validation workshop 

• Leadership reviews provide feedback, validate findings, and potentially adjust scores or priorities 
based on strategic context 

• DG formally endorses results and action plan (e.g. via a validation memo), assigning owners for 
priority actions 

• Agree on a re-assessment cycle (e.g. every 18-24 months) to track progress 
• Communicate key results internally and potentially externally 
• Outcome: Officially endorsed results, approved priorities and mandate for developing the roadmap 
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The scoring model  

The SPEEDometer uses a simple, transparent scoring model based on a five-level maturity scale. 

Indicator scoring 

Each indicator is scored on a ten-point scale, mapping directly to five distinct maturity levels. Assessors 
use only the even scores (2, 4, 6, 8, 10) corresponding to these levels, based on detailed rubrics (as 
outlined in chapter 4).  

Table 2.2. Ten-point scoring rubric and maturity levels (generic)  

Score  Level  Generic definition (customised for each indicator in section 5)  

2  Nascent  Only minimal activity, process or documentation exists; issues are handled ad hoc, if at all; minimal 
or no capability  

4  Emerging  Initial steps or discussions have begun; a draft document exists but is not approved or implemented; 
pilot efforts are underway but fragmented  

6  Established  A formal process or document is approved and operational; while applied, it may be inconsistent, 
new or lack formal monitoring; key mechanisms exist  

8  Mature  The process is fully institutionalised, well documented, consistently applied, regularly monitored and 
reviewed, and integrated  

10  Advanced  The process is fully optimised, publicly transparent (where appropriate), benchmarked against 
international standards and integrated by design, with leading capability 

Pillar score calculation 

The score for each of the five pillars is the simple arithmetic mean (average) of the scores of its constituent 
indicators.  

  
Where i is the score of a single indicator and n is the number of indicators in that pillar. Each pillar score 
ranges from 2 to 10.  

Overall AI readiness score calculation 

The NSO's single overall score is the sum of the five pillar scores, resulting in a score between 10 and 50. 

 
Where O is the overall score, W is the pillar weight (equal to 1) and P is the pillar score calculated above.  

Mapping overall AI readiness score to maturity levels 

The overall score (10-50) maps to five NSO-wide maturity levels, as seen in Figure 2.1. 
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Figure 2.1. NSO AI readiness assessment levels, by overall score 

 
This scoring model provides a structured way to quantify readiness and facilitate visualisation and 
prioritisation while emphasising the qualitative narrative behind the numbers for self-improvement. These 
scores represent overall AI readiness based on tallied scores from the assessment.  

How to customise the SPEED model 

The SPEED framework is designed to be adaptable so that each NSO can refine it to its specific context. 
As technologies evolve and new priorities emerge, some indicators may need to be added, adjusted or 
removed. This flexibility ensures that the framework remains relevant and aligned with real operational 
needs.  

However, to modify indicators, a structured and disciplined approach must be taken. Without clear rules, 
changes can create duplication and confusion or indicators that add little value. To safeguard coherence 
and comparability over time, any adjustment must be justified, evidence based and validated through an 
agreed internal process.  

The short governance framework in Table 2.3 provides NSOs with a light but robust method to propose, 
evaluate, approve and operationalise indicator changes, thereby ensuring that improvements strengthen 
rather than dilute the SPEED model. 
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Table 2.3. Seven-step indicator review 

Phase Objective Key activities Actors (RACI) Outputs 

Trigger and 
justification 

Define why an 
indicator must 
change 

• Identify trigger: relevance 
gap, legal update, data 
issue, redundancy, 
innovation, stakeholder 
feedback  

• Draft rationale for 
modifying, adding, 
removing indicator 

R: Pillar lead 
A: AI readiness co-
ordinator  
C: Methodology unit  
I: Leadership 

One-page justification 
note 

Impact 
assessment 

Assess implications 
for scoring, 
feasibility and 
comparability 

• Check alignment with 
GSBPM, GAMSO, NSDS  

• Assess feasibility in low- 
and middle-income 
country context  

• Check overlap with 
existing indicators  

• Evaluate evidence 
availability 

R: Pillar lead  
A: Methodology or quality 
unit  
C: Data governance, IT, 
HR  
I: Steering committee 

Impact assessment 
sheet and 
recommendation 
(proceed, revise or 
stop) 

Technical 
drafting 

Draft the updated 
indicator following 
SPEED standards 

• Define title, definition, 
scope  

• Identify required evidence 
(a minimum of two pieces 
of evidence per indicator)  

• Draft full ten-level scoring 
grid  

• Define N/A rules and 
applicability 

R: Pillar lead  
A: AI readiness co-
ordinator  
C: Technical experts  
I: Methodology unit 

Indicator specification 
sheet 

Peer review 
and 
validation 

Ensure clarity, 
quality, feasibility, 
ethical alignment 

• Internal review by experts 
on methodology, IT, 
platform, ethics, 
governance, HR  

• Optional external review 
(partners, regional peers)  

• Refine indicator text 
based on comments 

R: Reviewers (for 
methodology, ethics, IT)  
A: Pillar lead  
C: External reviewer 
(optional)  
I: Leadership 

Consolidated peer 
review report and final 
draft 

Decision 
and official 
approval 

Formal 
authorisation and 
documentation 
update 

• Steering committee 
review  

• Validate justification, 
impact and indicator 
sheet  

• Confirm comparability 
implications  

• Register approval in 
official version log 

R: AI readiness co-
ordinator  
A: DG or steering 
committee  
C: Pillar lead 
I: All assessment 
stakeholders 

Formal decision note 
and updated version log 

Integration 
and 
operational 
update 

Integrate the new 
indicator into all 
operational tools 

• Update SPEED Indicator 
Catalogue 

• Update scoring 
templates, dashboards, 
guides 

R: AI readiness co-
ordinator, documentation 
team 
A: Pillar lead 
C: IT or platform, HR 
training 
I: All assessors 

Updated tools, 
templates, catalogues 
and internal 
communications 
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Phase Objective Key activities Actors (RACI) Outputs 

• Update training materials 
for assessors 

• Communicate change to 
all NSO teams 

Post-
change 
review 

Validate whether 
the new indicator 
works in practice 

• Assess functionality in 
next assessment cycle  

• Gather assessor 
feedback 

• Review evidence 
availability and scoring 
consistency  

• Refine if needed 

R: Methodology unit  
A: AI readiness co-
ordinator  
C: Pillar lead  
I: Leadership 

Post-implementation 
review note 
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The value of the SPEED assessment lies in its ability to generate a prioritised action plan. This section 
explains how to interpret the results and use the reporting templates, starting with the AI Readiness Radar 
to visualise where the NSO stands in terms of AI readiness and what areas and actions it needs to focus 
on. 

How to read the AI Readiness Radar 

Plotting the NSO’s five pillar scores to an AI Readiness Radar chart provides an intuitive snapshot of its AI 
readiness profile, including progress, strengths and critical gaps in each pillar as well as across the pillars.  

Scores of 8-10 indicate the NSO’s AI readiness is strong and that it possesses capabilities in that pillar 
that it can leverage. Scores in the 5-7 range indicate partial or moderate progress, with further work needed 
in that pillar. Scores of 2-4 in a pillar reflect critical and urgent gaps in the NSO’s AI readiness that hinder 
AI adoption and are likely to be immediate priorities. 

Imbalances and anomalies become evident once the scores are plotted to a chart in the form of a pentagon, 
with each segment representing one of the five pillars. The less distorted a segment is, the higher the 
NSO’s scores for that pillar, while differently shaped segments indicate that progress towards AI readiness 
is uneven. Different combinations across the pillars, taken together, help determine the action plans to 
enhance AI readiness. For example: 

• An NSO with high scores in the “engine” and “expertise” pillars but low scores in “policy” is strong 
in terms of technical capacity and skills but weak in terms of governance, which suggests a high 
risk of misuse or trust erosion.  
o Action: Prioritise safeguards immediately.  

• An NSO scoring high in the “policy” pillar but low in the “engine” and “expertise” pillars has strong 
rules but weak capacity, which suggests a lack of technical capacity.  
o Action: Focus on foundational skills and infrastructure and pilot simple use cases. 

• An NSO scoring low across all pillars has foundational gaps everywhere, meaning adoption of AI 
would be premature.  
o Action: Focus first on basic institutional modernisation (e.g. legal mandate, data governance 

and basic strategy).  

Figure 3.1 presents an example of an AI Readiness Radar for an imaginary NSO with scores plotted for a 
three-year period. It shows that the NSO has made considerable improvement over this period – 
particularly in the state, policy and expertise pillars – having assessed AI readiness every year. The figure 
also shows that this NSO is now strongest in the policy pillar and has not improved on the engine pillar. 

3.  From assessment to action: Using the 
results  
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Figure 3.1. Example of an NSO AI Readiness Radar 

 
As it spotlights where an NSO needs to focus and take action, the AI Readiness Radar is a powerful 
communication tool for leadership and stakeholders. Comparing radars over time from repeated 
assessments allows for the tracking of progress. 

AI Readiness Action Brief  

The AI Readiness Action Brief translates the assessment findings into a concise, action-oriented document 
or slide deck for decision makers. It answers two of the NSO’s key questions: where do we stand and what 
should we do next? 

The following are key components of the Action Brief template (typically a PowerPoint):  

• Overview of results – a snapshot of overall and pillar scores, including the AI Readiness Radar 
chart, that provides the quantitative baseline  

• Key strengths and gaps – a narrative summary highlighting three to five important positive 
findings and three to five critical weaknesses based on the analysis that adds context to the scores  

• Priority actions – typically five to seven specific, achievable and recommended actions derived 
from the prioritisation exercise  to address the main gaps  

• Strategic alignment – a brief explanation of how the proposed actions link to the NSDS, national 
digital strategies or other institutional goals  

• Resource implications (optional) – an assessment or recommendation of whether action to 
advance the NSO’s AI readiness in identified priority areas will require significant new budget, staff 
or external support. 

The AI Readiness Action Brief can be used for a variety of purposes: 

• Internal validation and buy-in – presented to senior management (Step 5) to validate findings 
and secure commitment to the action plan  
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• Communication – shared with internal stakeholders to align understanding and mobilise support  
• Resource mobilisation – used as an evidence-based tool to brief the Ministry of Finance, donors 

or partners to justify funding or technical assistance requests  
• Initial roadmap – to serve as the high-level strategic to-do list guiding development of the detailed 

implementation roadmap  
• Monitoring – as a simple checklist to track progress on the key agreed priorities over time. 

Prioritising actions following the assessment: The Impact/Feasibility Matrix 

When the gaps are identified, they must be prioritised. A simple 2x2 matrix on a whiteboard is the most 
effective tool for this. One approach is for the assessment team to analyse the lowest-scoring indicators 
and propose actions for increasing their scores. Then the assessment team can map relevant ideas 
generated during the assessment into one of the four quadrants of the chart, before presenting to 
leadership for a discussion on which indicators to prioritise and which activities to undertake as a result. 

An alternative approach is to consider indicators of varying scores, but to determine prioritisation based on 
feasibility and/or alignment with national priorities, such as those laid out in national AI strategies or plans. 
Prioritisation, and ultimately action planning, must be done strategically and in a manner that reflects the 
bigger picture of where the NSO, and ultimately the country, want to go with AI. Each NSO may take a 
different approach to prioritisation and action planning, but the approach should at minimum align with 
national priorities, and where applicable, the NSDS. 

Figure 3.2. Action prioritisation matrix 
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The SPEED framework is structured around five pillars and 28 indicators focused on areas that matter 
most for AI readiness in an NSO: governance, skills, data quality, infrastructure and value delivery. The 
five tables in this section present and describe the SPEED indicators associated with each of the pillars. 

Table 4.1. Pillar 1 – State and ecosystem indicators 

Indicator Description 

National Digital and AI Strategy 
Alignment  

Assess the extent to which NSO modernisation is aligned with national digital priorities because such 
alignment determines political support, co-operation and access to long-term financing  

Legal and Regulatory 
Framework  

Evaluate the extent to which the legal environment enables responsible data innovation because 
outdated laws directly limit the NSO’s ability to adopt and scale AI  

National Data Ecosystem and 
Partnerships  

Measure the strength of NSO partnerships because collaboration is essential for accessing new data 
sources and the skills and methods needed for AI readiness 

Sustainable Financing and 
Procurement  

Verify the sustainability of financial and procurement frameworks because AI transformation depends on 
predictable funding and flexible acquisition processes  

Table 4.2. Pillar 2 – Policy, governance and trust indicators 

Indicator Description 

Legal Mandate for Data 
Access  

Determine whether the NSO has the legal authority to access essential data sources because AI and 
modern statistics depend on strong and explicit data access rights  

Formal Data-Sharing 
Agreements  

Assess the maturity of data-sharing processes because reliable, secure and recurring data flows are 
necessary for AI-enabled production systems 

Institutional Data and AI 
Strategy  

Evaluate the presence and implementation status of an internal data and AI strategy 

AI Governance and Ethics 
Committee  

Measure the existence of ethical oversight because managing risks such as bias, privacy breaches and 
fairness is critical to trustworthy AI use in official statistics  

Ethics-by-Design Process 
(DPIA)  

Assess the integration of ethical-by-design tools because systematic early-stage risk detection is 
essential for responsible AI project development  

AI Algorithm and Model 
Register  

Determine whether the NSO maintains visibility over its AI systems because transparency and 
traceability are prerequisites for accountability and governance  

4.  The SPEED indicators  
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Table 4.3. Pillar 3 – Expertise, skills and culture indicators 

Indicator Description 

Foundational Data and AI 
Literacy  

Check the level of foundational AI literacy across the NSO because a shared understanding is necessary 
for responsible adoption and organisational alignment  

Data Science Competency 
Framework  

Assess the NSO’s ability to attract and develop data science talent because AI readiness depends on 
adequate skills and modern career paths  

Knowledge Sharing and 
Communities of Practice 
(CoPs)  

Assess the culture of knowledge sharing because collaboration and retention of expertise are essential in 
resource-constrained environments  

Leadership and Culture of 
Innovation  

Evaluate leadership support for innovation because cultural readiness determines whether staff feel 
empowered to adopt new AI-driven methods 

 

 

Table 4.4. Pillar 4 – Engine (data and infrastructure) indicators 

Indicator Description 

Data Governance and 
Stewardship  

Verify structured data governance because AI requires high-quality, well-managed datasets with clear 
ownership and accountability  

Metadata and Data Standards 
(FAIR)  

Assess metadata and standards adoption because AI and interoperability rely on machine-readable and 
standardised data structures 

Automated Data Quality 
Monitoring  

Evaluate data quality automation because AI models require consistent and error-free data to perform 
reliably  

Data Versioning and Lineage 
Tracking  

Measure versioning and lineage practices because reproducibility and transparency are essential for 
trusted AI outputs  

Data Security and Privacy 
Controls  

Assess cybersecurity and privacy safeguards because AI increases exposure to risks, meaning strong 
protection systems are required 

Open Data and Dissemination 
Platform  

Evaluate NSO dissemination readiness because modern AI outputs must be accessible through 
machine-readable, user-friendly platforms  

Graphics Processing Unit 
(GPU) and Compute 
Acceleration Readiness  

Determine compute capacity readiness because insufficient hardware directly limits AI experimentation 
and operationalisation  

Digital Sovereignty and Data 
Localisation Controls  

Assess data sovereignty safeguards because sensitive AI workloads require strict control over storage 
location, access and compliance  

AI Infrastructure Cost 
Monitoring and Optimisation  

Evaluate cost governance because financial sustainability is critical for long-term AI adoption  

Infrastructure Resilience and 
Redundancy   

Measure resilience and redundancy because uninterrupted operations are essential for AI-driven 
statistical production  
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Table 4.5. Pillar 5 - Delivery and value indicators 

Indicator Description 

Use Case Prioritisation 
Process   

Assess use case prioritisation capacity because NSOs must focus limited resources on the most valuable 
and feasible AI opportunities  

AI Project Justification  Evaluate justification practices because AI investments must be purposeful, value driven and aligned with 
real NSO needs  

Pilot-to-Production Pathway  Determine the NSO’s capacity to scale AI pilots because maturity requires moving beyond small 
experiments into sustainable production systems  

Value Tracking and 
Performance Metrics  

Measure the real impact of AI on NSO performance because tracking value is essential for accountability 
and strategic decision making  



24 |   

      
  

Glossary of key terms 

AI system a machine-based system that, for explicit or implicit objectives, infers, from the input it 
receives, how to generate outputs such as predictions, content, recommendations or 
decisions that can influence physical or virtual environments (OECD definition) 

Algorithm register central log (e.g. a simple spreadsheet) documenting AI/ML models used by the NSO and 
their purpose, owners and data sources; the register is a key tool for both transparency 
and governance 

Data governance formal policies, standards and processes for managing data as a strategic asset that 
define roles and rules for quality, security and accountability 

Data protection impact 
assessment (DPIA) 

a structured process to identify and/or mitigate ethical, privacy and bias risks of a new 
project before it starts; a DPIA is a key tool for the ethics committee 

Data stewardship operational implementation of data governance; a data steward is a person or unit 
formally accountable for quality, metadata and security of a specific dataset 

FAIR Principles a set of guidelines ensuring that data are findable, accessible, interoperable and 
reusable, with an emphasis on machine actionability   

Generative AI (GenAI) AI systems, often based on large language models, that can create new content such as 
text, images, videos, code or music by learning from large datasets 

Generic Statistical Business 
Process Mode 

standard framework describing the phases of statistical production (specify needs, 
design, collect, process, analyse, disseminate, evaluate) 

Machine learning (ML) subfield of AI in which systems "learn" patterns from large   datasets to make predictions 
rather than explicit programming 

Memorandum of understanding 
(MoU) 

formal, often non-binding agreement outlining the terms of a data-sharing partnership 
between parties, for instance between the NSO and a line ministry 

Metadata data that describe other data, including dataset descriptions, creation dates, methods, 
coverage and quality indicators, and ensure transparency and reuse 

Machine learning operations 
(MLOps) 

practices and tools for managing the lifecycle of machine   learning models, including 
training, monitoring, bias testing, drift detection and safe rollback 

Pilot to production formal process to advance a successful experiment or pilot  into a reliable, maintained 
and fully supported service (production) embedded in regular operations 

Statistical Data and Metadata 
eXchange (SDMX) 

a set of technical standards to describe statistical data and metadata and improve their 
sharing across organisations. 
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Annex A. The SPEED indicators library  

This annex presents the following indicator details for each of the five pillars:  

• Indicator ID and title  
• Why the indicator matters – i.e. its relevance and importance for NSO AI readiness  
• How to assess the indicator – i.e. the key question the indicator addresses  
• Evidence to collect (low- and middle-income country pragmatic) – i.e. simple, verifiable documents 

or operational proofs that can generally be expected to exist within the NSO  
• Scoring rubric (2-10) – i.e. detailed descriptions mapping evidence to the five maturity levels 

(nascent, emerging, established, mature, advanced) using scores 2, 4, 6, 8 and 10.  

Pillar 1: State and ecosystem  

Focus 

Assesses the NSO's external operating environment including national policies, laws, infrastructure, 
partnerships, funding and public trust – factors that the NSO must be aware of and aligned with and that 
should be validated by frameworks like the World Bank GTMI 7 and Oxford Insights’ GARI. 

Table A.1. S.1: National Digital and AI Strategy Alignment 

Indicator name S.1: National Digital and AI Strategy Alignment  

Why it matters Alignment with government flagship policies (national development plan, digital strategy, AI strategy, 
NSDS) enhances political support, cross-government co-operation and funding prospects for NSO 
modernisation. 

Main question  To what extent is the NSO's strategic plan and modernisation programme aligned with the government's 
wider national digital or AI strategy?  

Evidence to collect (low- 
to middle-income country 
pragmatic) 

Government's national development plan, national digital strategy or national AI strategy document  
NSO's current strategic plan or NSDS  
Minutes from inter-ministerial co-ordination meetings in which the NSO participates  

Scoring rubric (2-10)  Score 2 (Nascent): No national strategy exists, the NSO is not involved or the NSO's work is unmentioned  
Score 4 (Emerging): National strategy exists, but NSO alignment is informal or undocumented or the NSO 
is a passive participant  
Score 6 (Established): NSDS or NSO strategic plan includes specific objectives referencing and aligning 
with the national strategy  
Score 8 (Mature): The NSO is an active partner in national strategy implementation; NSO leadership uses 
this alignment in budget requests and negotiations  
Score 10 (Advanced): The NSO is a lead agency in the relevant national strategy (e.g. data governance or 
ethics pillar), providing expertise to other bodies  
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Table A.2. S.2: Legal and Regulatory Framework 

Indicator name S.2: Legal and Regulatory Framework  

Why it matters A modern national legal framework (data protection, privacy, cybersecurity, cloud computing) enables 
responsible data innovation, while outdated laws create barriers. 

Main question  Does the NSO operate within a modern national legal framework that enables responsible data 
innovation (e.g. cloud computing) while enforcing clear data protection and privacy safeguards?  

Evidence to collect (low- to 
middle-income country 
pragmatic) 

Text of "National Data Protection and Privacy Law" (if it exists) 
Text of "National Cybersecurity Law" (if it exists) 
Government-wide policy on "cloud computing" or "data sovereignty" 
NSO legal analysis or memo on impact of these laws on operations 

Scoring rubric (2-10)  Score 2 (Nascent): Legal framework outdated or non-existent (e.g. no data protection law). High 
uncertainty and risk 
Score 4 (Emerging): Laws exist (e.g. data protection), but implications for NSO unclear or untested. 
Cloud policy restrictive 
Score 6 (Established): NSO has clear legal analysis of framework (even with gaps). Data protection 
authority exists, and NSO has a working relationship with it 
Score 8 (Mature): Modern legal framework provides clear rules balancing innovation and risk for 
data protection, security, cloud use 
Score 10 (Advanced): NSO actively contributes to developing and/or updating national legal 
framework for data and/or AI, setting standards  

 

Table A.3. S.3: National Data Ecosystem and Partnerships 

Indicator name S.3: National Data Ecosystem and Partnerships  

Why it matters NSOs need strong, formal partnerships (universities, line ministries, research centres, private sector) 
to access talent, methods and new data sources, especially amid resource constraints.  

Main question  Does the NSO actively and formally collaborate with external partners (public, private, academic) to 
build skills, access data and co-develop solutions?  

Evidence to collect (low- to 
middle-income country 
pragmatic) 

List of active, signed MoUs with partners 
Copy of a recent signed memorandum of understanding (MoU) 
Terms of Reference (ToR) for any multi-stakeholder working group or innovation lab 
List of joint projects or research papers  

Scoring rubric (2-10)  Score 2 (Nascent): No formal partnerships. Collaboration is unplanned, informal, reliant on personal 
relationships 
Score 4 (Emerging): Initial partnerships exist (e.g. internships) but are informal or not strategically 
managed 
Score 6 (Established): Formal, signed MoUs in place with key partners (e.g. one or two universities, 
one or twoline ministries) for specific, active projects 
Score 8 (Mature): NSO has a formal partnership strategy and actively manages a portfolio of 
bilateral or multilateral partnerships that deliver documented operational benefits (e.g. improved data 
access, staff training, shared tools) 
Score 10 (Advanced): NSO functions as the recognised national data authority, setting and 
enforcing data standards, co-ordinating cross-sector data integration and innovation, and acting as 
the primary convenor of the national data ecosystem 
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Table A.4. S.4: Sustainable Financing and Procurement 

Indicator name S.4: Sustainable Financing and Procurement  

Why it matters Sustainable AI adoption requires predictable, multi-year national budget funding, not just short-term 
donor projects. Rigid procurement rules unfit for digital services (cloud, open source) are major 
blockers 

Main question  Does the NSO have access to predictable, multi-year funding for modernisation and procurement 
processes that enable timely acquisition of digital infrastructure, tools and services? 

Evidence to collect (low- to 
middle-income country 
pragmatic) 

NSO's "multi-year budget" or "NSDS costing and funding plan" 
Recent "procurement document" for software and/or digital services 
NSO or government "procurement policy" (checking rules on open source or cloud services) 

Scoring rubric (2-10)  Score 2 (Nascent): Funding purely operational, no modernisation budget; procurement is rigid, paper-
based, and remains a barrier 
Score 4 (Emerging): Modernisation funded entirely by donors for short-term projects, leading to 
sustainability risks 
Score 6 (Established): NSO has dedicated, multi-year budget line (national or long-term partners) for 
modernisation and/or IT 
Score 8 (Mature): Procurement policies formally updated for agile acquisition of digital services 
(cloud, SaaS) and permit or favour open source 
Score 10 (Advanced): NSO has a sustainable, diversified funding model and invests strategically in 
shared government platforms, optimising total cost of ownership (TCO) 

 

Pillar 2: Policy, governance and trust 

Focus 

Assesses the internal rules of the road – legal mandate, strategies, governance structures, ethical 
guidelines, data-sharing agreements and algorithm registers – to ensure that AI is used lawfully, ethically, 
and transparently to safeguard public trust. Validated by World Bank SPI Pillar 5. 

Table A.5. P.1: Legal Mandate for Data Access 

Indicator name P.1: Legal Mandate for Data Access  

Why it matters As a vague mandate hinders innovation, the NSO's Statistics Act must provide a clear, explicit and 
legally robust mandate to access administrative and other non-survey data for statistical purposes 

Main question  Does the National Statistics Act (or equivalent) explicitly empower the NSO to access and use 
administrative and other non-survey data sources for statistical production?  

Evidence to collect (low- and 
middle-income country 
pragmatic) 

Full text of the National Statistics Act 
Formal legal opinions or internal memos from NSO legal officers interpreting data access provisions  

Scoring rubric (2-10)  Score 2 (Nascent): The Statistics Act does not address whether the NSO has access to non-survey 
data or the Act restricts it to survey data only; the NSO is barred from accessing administrative data 
Score 4 (Emerging): The Statistics Act contains a vague mention of the NSO’s access to "other data", 
but lacks an enforcement mechanism, is legally untested or is used to refuse access 
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Score 6 (Established): The Statistics Act clearly authorises access to public administrative data but 
does not address or is unclear on access to privately held data 
Score 8 (Mature): The Statistics Act explicitly empowers access to both public administrative and 
privately held data for statistical purposes, with clear confidentiality provisions 
Score 10 (Advanced): The Act is model legislation, empowers the NSO as co-ordinator of the national 
data system and is fully respected by data holders 

 

Table A.6. P.2: Formal Data-Sharing Agreements 

Indicator name P.2: Formal Data-Sharing Agreements  

Why it matters To operationalise the legal mandate for data access (P.1), formal data-sharing agreements (e.g. MoUs) 
are needed to set terms (what data are shared, how often, in what format and with what safeguards), 
moving from ad hoc requests to share data to a formal, reliable and secure process 

Main question  Does the NSO have formal, active and enforceable data-sharing agreements (MoUs) with key data 
holders (e.g. line ministries, the central bank, telecom providers)?  

Evidence to collect (low- 
and middle-income country 
pragmatic) 

Central list or register of all active MoUs for data sharing 
Copy of a recent signed MoU with a key data holder 
  

Scoring rubric (2-10)  Score 2 (Nascent): No formal MoUs or data-sharing manual; data sharing is ad hoc and based on 
personal requests 
Score 4 (Emerging): One or two MoUs exist but are outdated, inactive or not operationalised (i.e. data 
are not flowing) 
Score 6 (Established): Active, formal MoUs in place with the most critical public data holders (e.g. 
ministries of finance, health, education) 
Score 8 (Mature): MoUs are standardised, operationalised via automated protocols such as SFTP or 
application programming interface (API), including service-level agreements (SLAs), quality checks and 
security protocols 
Score 10 (Advanced): The NSO manages a data-sharing-as-a-service platform for the government 
with standardised, machine-readable agreements and/or APIs; agreements are in place with all critical 
public data holders 

 

Table A.7. P.3: Institutional Data and AI Strategy 

Indicator name P.3: Institutional Data and AI Strategy  

Why it matters An internal strategy aligns the organisation, moving AI from isolated experiments to a co-ordinated effort 
linked to the NSO's core mission and the NSDS; signals leadership commitment; and defines priorities 

Main question  Does the NSO have a published, board-approved internal strategy for data and AI that is aligned with the 
NSDS and includes a clear action plan?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

NSO data and AI strategy document (minimum five-ten pages) 
NSO strategic plan or NSDS (if a central pillar is data or AI) 
Roadmap document or action plan with designated milestones and owners  

Scoring rubric (2-10)  Score 2 (Nascent): No strategy exists or AI is not mentioned in strategic documents 
Score 4 (Emerging): Strategy is being drafted or discussed but has not been formally approved, 
resourced or communicated 
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Score 6 (Established): A formal data and AI strategy is approved by leadership and communicated, is 
aligned with the NSDS, and sets out clear objectives 
Score 8 (Mature): Strategy is operationalised with a costed, time-bound action plan; clear roles and 
responsibilities are assigned 
Score 10 (Advanced): Progress against the strategy is actively monitored with key performance 
indicators (KPIs) (D.4) that are publicly reported, and the strategy is updated regularly 

 

Table A.8. P.4: AI Governance and Ethics Committee 

Indicator name P.4: AI Governance and Ethics Committee  

Why it matters A formal committee (with a new mandate or an existing committee with an expanded mandate) is a low-
cost, high-impact safeguard, providing critical oversight for ethical risks (bias, privacy, fairness) in AI 
projects – key to maintaining public trust.  

Main question  Does the NSO have a formal, functioning body (e.g. an ethics committee) with a clear mandate to review 
and approve new data and AI projects for ethical and privacy risks?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

ToR for the committee  
List of committee members showing cross-functional representation 
Minutes from a recent committee meeting discussing an AI or data project  

Scoring rubric (2-10)  Score 2 (Nascent): There is no ethics committee, and ethical concerns, if considered, are left to 
individual managers to deal with 
Score 4 (Emerging): A committee exists in name only, is in the process of being formed or has not met; 
no draft ToR has been approved 
Score 6 (Established): A formal committee is established with approved ToR that has a diverse internal 
membership and meets regularly (e.g. quarterly) 
Score 8 (Mature): The committee actively reviews all high-risk projects before launch using a standard 
process (P.5), and decisions are documented and enforced 
Score 10 (Advanced): The committee includes external members (academics, civil society) for 
independent oversight; its principles and decisions are transparent and made public 

 

Table A.9. P.5: Ethics-by-Design Process (DPIA) 

Indicator name P.5: Ethics-by-Design Process (DPIA)  

Why it matters The ethics committee (P.4) needs a practical tool, and a DPIA or AI ethics checklist, completed by project 
teams at the design stage, can identify risks early, thereby embedding ethics by design 

Main question  Does the NSO have a standardised, mandatory process (like a DPIA) for project teams to assess the 
ethical, privacy and bias risks of new projects?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Blank DPIA template or ethics checklist 
A completed DPIA for a recent pilot project 
Internal standard operating procedure (SOP) or memo mandating DPIA use  

Scoring rubric (2-10)  Score 2 (Nascent): No standardised risk assessment process exists 
Score 4 (Emerging): Draft checklist exists but is not mandatory or widely used 
Score 6 (Established): Standard DPIA template formally approved and mandatory for all new data and 
AI projects 
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Score 8 (Mature): Completed DPIAs are formally reviewed and signed off on by the ethics committee 
(P.4) before data access; a central log is kept 
Score 10 (Advanced): The DPIA is integrated into the project lifecycle, findings are monitored after 
deployment and lessons are used to update the template 

 

Table A.10. P.6: AI Algorithm and Model Register 

Indicator name P.6: AI Algorithm and Model Register 

Why it matters As transparency requires knowing what AI models are being used and for what purpose, a simple 
register (even Excel) can be the first step for managing, governing and being accountable for AI systems. 

Main question  Does the NSO maintain a central, up-to-date register of all AI and/or machine learning (AI/ML) models 
used in statistical production?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Government's national development plan, national digital strategy or national AI strategy document 
NSO's current strategic plan or the NSDS 
Minutes from inter-ministerial co-ordination meetings that the NSO participates in  

Scoring rubric (2-10)  Score 2 (Nascent): No register exists, and knowledge is siloed with individuals 
Score 4 (Emerging): There is an informal list for one or two pilots that is not standardised, central or 
maintained 
Score 6 (Established): A standardised internal register is established (e.g. Excel), a process owner is 
assigned and basic information is included 
Score 8 (Mature): A register is actively maintained for all production models and includes links to 
documentation, data sources or the DPIA (P.5) 
Score 10 (Advanced): Public-facing version of the register or a summary is published on the NSO 
website for transparency 

 

Pillar 3: Expertise, skills and culture 

Focus 

Assesses human capacity including skills, team organisation, training, knowledge sharing, leadership 
support and innovation culture, recognising that AI readiness is first and foremost about people, and that 
foundational data literacy and collaboration are key low-cost priorities. 

Table A.11. E.1: Foundational Data and AI Literacy 

Indicator name E.1: Foundational Data and AI Literacy  

Why it matters Everyone in the NSO, from leadership to field staff, needs foundational understanding to use AI 
responsibly, enable critical thinking and build a common language.  

Main question  Does the NSO provide an accessible, foundational training programme on data literacy and AI awareness 
for all staff, including senior leadership?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

NSO training plan or capacity development strategy 
Attendance logs or certificates from recent data and AI literacy courses 
Links to the free or low-cost courses used (e.g. apolitical, elements of AI) 
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Scoring rubric (2-10)  Score 2 (Nascent): No formal data or AI literacy training offered 
Score 4 (Emerging): Ad hoc training (e.g. one-off donor workshops) that is not part of a structured 
programme 
Score 6 (Established): Structured, foundational programme (one-day course or online module) available 
to all staff; separate briefing for leadership 
Score 8 (Mature): Programme integrated into new staff onboarding, with participation tracked and 
advanced tracks for technical roles 
Score 10 (Advanced): NSO has full statistical academy, and skills are mapped against the data science 
competency framework of indicator E.2  

 

Table A.12. E.2: Data Science Competency Framework 

Indicator name E.2: Data Science Competency Framework  

Why it matters Attracting, retaining and developing scarce data science talent requires modern job descriptions and career 
paths – Statistics Canada provides a good example – rather than funnelling people with these skills into 
outdated statistician or IT roles 

Main question  Does the NSO's HR department have a formal competency framework and career path for data-related 
roles (e.g. data scientist, data engineer, data analyst)?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

HR competency framework document 
Sample job descriptions for data scientist and data engineer 
Career path or career ladder document for technical staff 

Scoring rubric (2-10)  Score 2 (Nascent): No specific data science roles exist; staff hired into other roles with no formal 
recognition 
Score 4 (Emerging): One or two data scientists hired ad hoc with no formal definition of roles or profile 
Score 6 (Established): Formal job descriptions and competency profiles for data science roles developed 
and approved by HR 
Score 8 (Mature): Clearly defined and communicated career path or ladder; skills gap analysis conducted 
to inform training plan (E.1) 
Score 10 (Advanced): Competency framework fully integrated into HR systems (recruitment, performance, 
promotion); NSO seen as attractive employer for data talent 

 

Table A.13. E.3: Knowledge Sharing and CoPs 

Indicator name E.3: Knowledge Sharing and CoPs  

Why it matters Peer-to-peer sharing via CoPs is a low-cost, effective way to spread skills, break silos, share lessons and 
retain knowledge in resource-constrained NSOs 

Main question  Does the NSO actively foster internal, cross-departmental CoPs for informal knowledge sharing on data, 
methods and innovation?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Simple charter or ToR for a CoP 
Internal wiki, shared folder or Teams channel for sharing lessons and code 
Calendar of regular CoP meetings (e.g. brown bag meet-ups, demonstrations)  

Scoring rubric (2-10)  Score 2 (Nascent): Knowledge is siloed with no formal or informal sharing mechanisms in place 
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Score 4 (Emerging): Informal sharing among a few individuals that is not supported or recognised by 
management 
Score 6 (Established): There is at least one formal CoP with a charter, leader and regular (e.g. monthly) 
meetings 
Score 8 (Mature): NSO actively sponsors multiple CoPs and actively maintains a central knowledge 
system (e.g. wiki) including with lessons learned 
Score 10 (Advanced): CoP model is a core part of the NSO operating model, influencing standards, 
training and project design 

 

Table A.14. E.4: Leadership and Culture of Innovation 

Indicator name  E.4: Leadership and Culture of Innovation  

Why it matters To encourage staff to try new methods, leadership must visibly champion innovation, provide a safe space 
to experiment and learn from failure, and reward collaboration 

Main question  Does the NSO leadership visibly champion innovation, encourage responsible experimentation (learning 
from failure) and reward collaboration?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Internal communications (e.g. emails, speeches) from the DG and/or senior leadership endorsing AI and 
innovation 
Results from a recent staff survey on innovation and innovation culture 
Agendas from Demo Day or Innovation Showcase events 
Evidence of recognition (e.g. internal awards) for innovative projects  

Scoring rubric (2-10)  Score 2 (Nascent): Highly risk-averse culture where failure is punished and innovation discouraged 
Score 4 (Emerging): Leadership publicly promotes innovation but neither actions, budgets nor incentives 
support it, leaving staff sceptical 
Score 6 (Established): Leadership has formally communicated support (e.g. in the NSO strategy) (P.3) 
and allocated time and budget for pilots 
Score 8 (Mature): Leadership actively participates (attends demonstrations, sponsors pilots) and lessons 
from pilots are shared without blame 
Score 10 (Advanced): Innovation and collaboration embedded in performance metrics and values; the 
NSO is recognised as an innovative agency  

 

Pillar 4: Engine (data and infrastructure) 

Focus 

Assesses the NSO's technical backbone, focusing on foundational data governance (clean, documented, 
standardised and secure data) in low- and middle-income countries rather than high-cost MLOps or GPUs. 
Aligns with World Bank SPI Pillars 2, 4 and 5. 

Table A.15. En.1: Data Governance and Stewardship 

Indicator name En.1: Data Governance and Stewardship  

Why it matters AI requires high-quality trusted data that are managed as a strategic asset, which requires a formal data 
governance policy and clear data stewards (owners) responsible for critical datasets.  
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Main question  Does the NSO have a formal data governance policy and a system of data stewards or owners for its 
critical statistical datasets?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

A data governance policy or data stewardship document 
A simple list or register (e.g. Excel) mapping critical datasets such as Consumer Price Index (CPI), 
Labour Force Survey (LFS) or Business Register to specific owner (person or unit) 
(Future state: open source data catalogues such as Apache Atlas)  

Scoring rubric (2-10)  Score 2 (Nascent): No policy, data are managed in silos, unclear accountability 
Score 4 (Emerging): Draft policy exists or the concept is discussed, but owners are not formally 
designated 
Score 6 (Established): Formal policy approved; data stewards and/or owners designated for the most 
critical datasets 
Score 8 (Mature): Data stewards actively manage datasets and have clear, documented roles (quality, 
metadata, access) 
Score 10 (Advanced): Governance is automated via a central data catalogue; data managed as a data 
product with clear ownership or SLAs  

 

Table A.16. En.2: Metadata and Data Standards (FAIR) 

Indicator name En.2: Metadata and Data Standards (FAIR)  

Why it matters As AI needs high-quality, machine-readable metadata, adopting standards (SDMX/DDI) and FAIR 
Principles (Findable, Accessible, Interoperable, Reusable) is a prerequisite for data integration and AI. 

Main question  Are the NSO's data products documented with rich, standardised, machine-readable metadata (e.g. 
SDMX, DDI) and managed according to the FAIR Principles?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

NSO metadata policy or metadata SOP 
Evidence of SDMX or DDI standards used in dissemination 
NSO has a public data portal and its datasets and metadata are aligned with the FAIR Principles 
(Findable, Accessible, Interoperable, Reusable)  

Scoring rubric (2-10)  Score 2 (Nascent): Metadata missing, incomplete or not machine readable (e.g. in PDF reports) 
Score 4 (Emerging): Basic metadata exist but are not standardised; FAIR principles not widely known or 
applied 
Score 6 (Established): Formal metadata policy exists, and standards (SDMX/DDI) adopted for key 
domains 
Score 8 (Mature): Metadata actively managed, machine readable and published with data (e.g. via 
APIs); data largely findable and accessible 
Score 10 (Advanced): NSO leads FAIR implementation; data fully interoperable and reusable via 
standardised APIs for automated AI use 
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Table A.17. En.3: Automated Data Quality Monitoring 

Indicator name En.3: Automated Data Quality Monitoring  

Why it matters Automating validation (simple scripts) is foundational for reliable data pipelines as AI models are 
sensitive to data errors and drift and manual quality checks are too slow or prone to error.  

Main question  Are automated data quality checks (e.g. validation rules, anomaly detection) embedded in the statistical 
production pipeline in place of reliance on manual checks?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

NSO’s Data Quality Assurance Framework (DQAF) or data editing SOPs 
Examples of validation rules in data processing scripts (R, Python, SQL, Stata) 
Data quality report or dashboard (even a simple one) is generated from automated checks  

Scoring rubric (2-10)  Score 2 (Nascent): Quality checks are entirely manual with no standardised process 
Score 4 (Emerging): Some basic validation scripts exist but are run manually, are not standardised and 
are poorly documented 
Score 6 (Established): Automated validation rules are embedded in production pipelines for most critical 
datasets (CPI, LFS) and errors are flagged for human review 
Score 8 (Mature): NSO monitors quality trends over time, and quality metrics are published as metadata 
(En.2) 
Score 10 (Advanced): NSO uses AI/ML for advanced anomaly detection; there is automated editing 
and/or imputation, with formal observability practiced 

 

Table A.18. En.4: Data Versioning and Lineage Tracking 

Indicator name En.4: Data Versioning and Lineage Tracking  

Why it matters AI models and analytical processes depend on consistent and traceable datasets. Without version 
control, even minor changes in a dataset can lead to different model outcomes, undermining 
reproducibility, trust and auditability. Tracking lineage (the history of data transformations) ensures 
transparency and supports troubleshooting, accountability and collaboration across teams.  

Main question  Does the NSO maintain structured versioning of key datasets, record data lineage across the processing 
pipeline and support rollbacks or audits? Consider whether metadata are updated automatically when 
datasets are modified and whether processes are documented.  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Data catalogue entries with version history 
Extract-transform-load (ETL) documentation showing lineage flows 
Use of tools such as Data Version Control (DVC), Git or internal workflow trackers 
Logs showing who modified data, when and why 
Any automated data provenance systems or metadata that capture scripts  

Scoring rubric (2-10)  Score 2 (Nascent): No formal versioning 
Score 4 (Emerging): Data changes tracked manually 
Score 6 (Established): Some key datasets have manual versioning, and informal lineage notes exist 
Score 8 (Mature): Version control and lineage tracking are standard for high-value datasets, and 
processes are semi-automated 
Score 10 (Advanced): Full, automated versioning and lineage tracking in place; enablesreproducibility, 
audits and AI lifecycle management  
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Table A.19. En.5: Data Security and Privacy Controls 

Indicator name En.5: Data Security and Privacy Controls  

Why it matters As new data and AI increase attack surface and privacy risks, foundational cybersecurity controls 
(encryption, access management, incident response) are non-negotiable for trust and compliance.  

Main question  Does the NSO have a robust, tested cybersecurity policy; an incident response plan; and fundamental 
technical controls such as identity and access management (IAM), encryption or backups?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

NSO cybersecurity policy or IT security policy 
Business continuity plan or disaster recovery (DR) plan 
Incident response plan (IRP) 
Recent internal IT security audit report or DR test report  

Scoring rubric (2-10)  Score 2 (Nascent): No formal policy or plan; data are on unencrypted or unsecured servers or 
machines; backups are not routinely done or kept   
Score 4 (Emerging): Basic policy exists but is not enforced; technical controls (IAM) are weak; incident 
plan is untested 
Score 6 (Established): Comprehensive policy, IRP, DR plan approved or in place; controls like IAM and 
data-at-rest encryption implemented 
Score 8 (Mature): Security is regularly audited; DR and IRPs tested annually; lessons used for 
improvement 
Score 10 (Advanced): Follows security by design (zero-trust); there are regular independent external 
audits and/or penetration tests 

 

Table A.20. En.6: Open Data and Dissemination Platform 

Indicator name En.6: Open Data and Dissemination Platform  

Why it matters As the value of AI-enhanced statistics is realised only if users (human and machine) can access them, a 
modern, central, machine-readable portal with APIs is the engine for delivery.  

Main question  Does the NSO provide data to the public through a modern, centralised and machine-readable platform 
(e.g. an open data portal with APIs)?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

URL of the NSO public data portal 
API documentation (if it exists) 
User analytics (download statistics, API call statistics) 
NSO score in the Open Data Inventory (ODIN) or Global Data Barometer 

Scoring rubric (2-10)  Score 2 (Nascent): Data only in static, non-machine-readable formats (PDF, paper) 
Score 4 (Emerging): Machine-readable files (Excel, CSV) available but scattered on a website, not a 
central portal 
Score 6 (Established): Central open data portal exists with machine-readable formats and basic search 
and download 
Score 8 (Mature): Portal provides programmatic access via documented, stable APIs (e.g. SDMX-
compliant) including rich metadata (En.2) 
Score 10 (Advanced): NSO uses AI (semantic search, chatbots) for user-friendly, accessible, 
multilingual data discovery and/or access  
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Table A.21. En.7: GPU and Compute Acceleration Readiness 

Indicator name En.7: GPU and Compute Acceleration Readiness  

Why it matters AI models – especially deep learning and image-based models (e.g. satellite imagery) – require 
specialised hardware such as GPUs or Tensor Processing Units (TPUs) for training and inference. A lack 
of compute acceleration can limit the types of models an NSO can explore or operationalise, particularly 
for use cases like environmental monitoring or real-time analytics.  

Main question  Does the NSO have access to GPU-accelerated environments, either on premises or via the cloud? 
Consider whether staff know how to use these environments and whether usage is tracked and 
optimised. 

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Hardware inventory showing availability of GPUs and TPUs 
Cloud service configurations (e.g. GCP, AWS EC2 GPU instances) 
Internal usage logs or project reports using accelerated computing 
Software libraries (e.g. TensorFlow, PyTorch) enabled with GPU support  

Scoring rubric (2-10)  Score 2 (Nascent): No GPU access; NSO cannot run modern ML models due to hardware limits 
Score 4 (Emerging): Very limited GPU access, limited to experimentation 
Score 6 (Established): Some GPU access (e.g. shared cloud or external partner), used occasionally by 
a few staff 
Score 8 (Mature): GPU-enabled workflows are used in relevant AI projects (e.g. satellite analysis, 
natural language processing); these workflows have sufficient documentation 
Score 10 (Advanced): GPU access is integrated into NSO’s computer infrastructure (cloud on premises) 
and available for all major AI tasks with support and scheduling 

Table A.22. En.8: Digital Sovereignty and Data Localisation Controls 

Indicator name En.8: Digital Sovereignty and Data Localisation Controls  

Why it matters As AI deployments involving sensitive or personal data raise issues of sovereignty, especially when using 
cross-border cloud services, NSOs need safeguards to ensure control over data location, access rights 
and regulatory compliance, particularly inlow- and middle-income countries and middle-income countries 
where domestic legal frameworks may be nascent.  

Main question  Does the NSO have policies or technical configurations that restrict or define where data reside, how 
data are encrypted, and who has access both within and outside the country?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Data residency clauses in vendor contracts 
Encryption or key management protocols (e.g. customer-managed keys) 
Legal guidance on cloud and data location risks 
Data governance policies referencing jurisdiction and international transfers  

Scoring rubric (2-10)  Score 2 (Nascent): No control over data location or awareness of risks; cloud and data access is 
managed by third parties without NSO input 
Score 4 (Emerging): NSO considers data location during procurement, but with no clear cross-border 
policy 
Score 6 (Established): Data encryption is implemented (at rest or in transit) 
Score 8 (Mature): Data hosting complies with national regulations; sovereignty protocols are enforced 
and NSO retains access control 
Score 10 (Advanced): End-to-end data governance ensures sovereignty, with legal, technical and 
operational controls across cloud and on-premises setups 
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Table A.23. En.9: AI Infrastructure Cost Monitoring and Optimisation 

Indicator name En.9: AI Infrastructure Cost Monitoring and Optimisation  

Why it matters As AI workloads (especially those that are cloud based) can incur significant and unpredictable costs, 
NSOs risk budget overruns, waste or sudden service disruptions without cost monitoring. This is 
particularly important for low- and middle-income countries where public funding is scarce and 
sustainability is critical.  

Main question  Does the NSO actively track cloud, compute and data storage costs related to AI and use any tools or 
thresholds to manage them (e.g. autoscaling, idle time limits and budgeting dashboards)?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Cost management dashboards (e.g. AWS Cost Explorer, GCP Billing) 
Monthly usage or billing summaries 
Internal policies on AI infrastructure budgeting 
Reports on optimisation (e.g. model retraining schedules, resource pooling) 
Usage thresholds or quotas for experimentation vs. production   

Scoring rubric (2-10)  Score 2 (Nascent): No monitoring, infrastructure is paid as needed and AI spending is uncontrolled 
Score 4 (Emerging): Spending at a high level is monitored 
Score 6 (Established): Partial cost tracking (e.g. by project), informal caps, and limited reuse or 
optimisation 
Score 8 (Mature): AI workloads are metered and tied to budgets; cost monitoring tools are used actively 
Score 10 (Advanced): Cost efficiency is embedded in AI project design; automated optimisation is in 
place (e.g. autoscaling, idle resource cleanup); and cost-performance trade-offs are monitored 
continuously 

Table A.24. En.10: Infrastructure Resilience and Redundancy 

Indicator Name En.10: Infrastructure Resilience and Redundancy  

Why it matters AI and high-frequency statistical operations demand continuous availability of data and systems. 
Resilience ensures NSO operations are not interrupted by outages, hardware failure or cyberattacks, 
while redundancy (e.g. backups, failover systems) protects against data loss and enables recovery.  

Main question  Does the NSO have redundancy across its IT infrastructure – in servers, storage, power and the Internet 
– and are backup systems tested, DR plans up to date and AI-related infrastructure included in resilience 
planning?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

DR plan or IT business continuity policy 
Backup logs and frequency (e.g. daily automated snapshots) 
Server or cloud configurations showing failover mechanisms 
Incident logs showing recovery from past outages 
Testing reports or drills for recovery scenarios  

Scoring rubric (2-10)  Score 2 (Nascent): No backups; single point of failure in IT systems; outages disrupt work 
Score 4 (Emerging): Irregular backups are done manually 
Score 6 (Established): Backups occur regularly; some redundancy is in place (e.g. dual Internet lines); 
recovery procedures exist 
Score 8 (Mature): Redundant systems are documented and periodically tested; cloud-based backups or 
replication in use 
Score 10 (Advanced): Full IT and AI infrastructure is resilient by design; automated failover and DR 
protocols are in place; AI platforms are included in continuity plans 
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Pillar 5: Delivery and value 

Focus 

Assesses the NSO's ability to focus on impact – strategically selecting, managing and scaling AI projects 
to solve real problems and deliver value – and counteracts pilot-itis by emphasising prioritisation and 
scaling pathways. 

Table A.25. D.1: Use Case Prioritisation Process 

Indicator name D.1: Use Case Prioritisation Process   

Why it matters Scarce NSO resources (talent) require a structured process to evaluate and select AI projects that 
focuses on projects with the highest potential value (e.g. high impact, high feasibility) and avoids low-
value or overly risky initiatives. 

Main question  Does the NSO have a documented and consistently applied process for evaluating and selecting AI pilot 
projects based on defined criteria (e.g. strategic alignment, potential impact, feasibility and risk)?  

Evidence to collect (low- 
and middle-income country 
pragmatic) 

Documented criteria or guidelines used for selecting AI projects 
Minutes from committee meetings (e.g. methodology or ethics committee P.4) where project justifications 
were presented and approved 
A prioritised list or portfolio of potential and/or active AI projects with justification for ranking 
Internal procedures (SOPs) describing the project proposal and selection process  

Scoring rubric (2-10)  Score 2 (Nascent): AI projects are selected as needed (pending donor interest, a vendor pitch or a 
manager’s idea), with no formal evaluation process or documented criteria 
Score 4 (Emerging): Informal discussions occur to select projects; criteria may exist but are not 
documented or are applied inconsistently  
Score 6 (Established): A documented process with defined criteria (e.g. considering impact and 
feasibility) exists and is generally used to select new AI pilot projects, though application might be 
inconsistent 
Score 8 (Mature): The documented prioritisation process is mandatory, managed by a central body (e.g. 
ethics committee), consistently applied, and includes risk or ethical screening (P.5) as formal criteria   
Score 10 (Advanced): NSO maintains a strategically balanced (short-term wins vs. research and 
development) use case portfolio that is regularly reviewed by leadership based on the documented, 
criteria-driven process  

 

Table A.26. D.2: AI Project Justification 

Indicator name D.2: AI Project Justification 

Why it matters To ensure projects address real NSO needs (e.g. reduce coding time) and provide a basis for evaluating 
success, every AI project, even a small pilot, requires clear justification that defines the problem it solves, 
its expected value and the resources needed. 

Main question  Is there a required practice within the NSO to formally document the justification for AI pilot projects before 
they start and that covers the problem statement, expected value (e.g. efficiency gain, quality 
improvement)and resource needs?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Examples of completed project initiation documents, concept notes or project proposals for recent AI pilots 
that include problem statement, expected value and benefits, and resource estimates 
Internal guidelines or SOPs mandating such documentation for new projects 
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Minutes of meetings where project justifications were presented and approved  

Scoring rubric (2-10)  Score 2 (Nascent): Projects are started with no formal written justification or defined success criteria 
Score 4 (Emerging): Project justifications are sometimes documented, but their format or content is 
inconsistent and they often lack clear, measurable value metrics or resource needs 
Score 6 (Established): A standard practice or requirement exists to document project justification 
(problem, expected value, resources) for new AI projects seeking resources, and this practice is generally 
followed 
Score 8 (Mature): Project justifications consistently include clear success metrics (KPIs) agreed upon with 
the internal customer before the project starts (D.4)   
Score 10 (Advanced): Project justification documents are consistently used, reviewed against KPIs at 
milestones, and inform formal go-no go decisions about scaling (D.3)  

 

Table A.27. D.3: Pilot-to-Production Pathway 

Indicator name D.3: Pilot-to-Production Pathway  

Why it matters To avoid so-called pilot-itis or valley of death, where an AI initiative is stuck in pilot phase, there must be a 
defined process by which a successful pilot can graduate into a fully supported and maintained production 
service owned by the IT or business unit. 

Main question  Does the NSO have a defined, repeatable process (i.e. an innovation playbook) for moving a successful AI 
pilot from experiment to production (scaled and maintained)?  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

Internal SOP or innovation playbook document describing process 
Lessons learned document from past pilot discussing scalability   
Meeting minutes or hand-off document showing project transfer (e.g. from data science to IT operations) 

Scoring rubric (2-10)  Score 2 (Nascent): No pilots ever moved to production, instead simply ending when the project or funding 
ends 
Score 4 (Emerging): Scaling is discussed, but there is no formal process, budget or owner, and it is unclear 
who would maintain the model 
Score 6 (Established): A formal pilot-to-production pathway is documented with articulated criteria, review 
gates and hand-off responsibilities  
Score 8 (Mature): Pathway is operational, with at least one AI pilot successfully scaled and now part of 
regular, budgeted production 
Score 10 (Advanced): NSO has a toolkit (e.g. reusable code, documentation, training) that allows rapid 
replication and scaling across domains  

 

Table A.28. D.4: Value Tracking and Performance Metrics 

Indicator name D.4: Value Tracking and Performance Metrics  

Why it matters Tracking whether AI projects actually improve core mission KPIs (timeliness, data quality, cost per output, 
user satisfaction) is essential to ensure accountability to leadership and funders (aligns with World Bank SPI 
Pillar 1.12).  

Main question  Does the NSO track the performance of its AI projects against the NSO's core mission KPIs (e.g. timeliness, 
data quality, cost per output, user satisfaction)?  



40 |   

      
  

Evidence to collect (low- 
and middle-income 
country pragmatic) 

NSO’s main performance dashboard or quarterly performance report 
List of KPIs the NSO uses to measure performance (e.g. release calendar adherence, cost per survey, user 
satisfaction) 
Post-project review document comparing results to business case (D.2)  

Scoring rubric (2-10)  Score 2 (Nascent): NSO performance not systematically tracked or only tracked at a high level and/or on 
non-quantitative basis 
Score 4 (Emerging): Core KPIs tracked but disconnected from modernisation and AI projects 
Score 6 (Established): Main performance dashboard tracks core mission KPIs (timeliness, quality, cost, user 
satisfaction) 
Score 8 (Mature): Success metrics from AI business cases (D.2) integrated into the main dashboard and 
showing return on investment 
Score 10 (Advanced): Value tracking is continuous, and leadership reviews portfolio impact on KPIs 
quarterly for strategic decisions (scale, stop, start)  
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Annex B. List of evidence categories  

The following evidence categories are based on the types mentioned across the indicators presented in 
Annex A.  

• External dataset, index or benchmark: Global datasets; scores from international indices such as 
the World Bank’s SPI, the International Telecommunication Union ICT Development Index (ITU 
IDI), ODIN, and Oxford Insight’s Government AI Readiness Index (GARI); and national statistics 

• Operational record, log or dataset: Internal system logs (uptime, access, usage analytics) as well 
as audit trails, performance dashboards, KPI reports, attendance logs, meeting minutes, budgets, 
annotated code notebooks, project rosters, risk registers or evidence repositories 

• Official publication or legal text: National laws (Statistics Act, data protection, cybersecurity); 
decrees; official gazettes; national strategies (e.g. development plan, digital or AI strategy, and 
NSDS); and compliance statements (e.g. Content Accessibility Guidelines) 

• Institutional document, policy or charter: Internal NSO or government documents and strategies 
(NSO data or AI strategy); policies (HR, IT security, procurement, metadata, data governance); 
SOPs; ToR for committees and CoPs; charters; guidelines; templates (DPIA, business case, MoU); 
competency frameworks; job descriptions; system architecture diagrams; internal memos; and 
legal opinions 

• Analytical and review reports: Studies; internal and external reviews; audits (security, quality); 
evaluations; assessments (skills gap, legal analysis); lessons learned documents; research 
papers; and benchmarking reports 

• Communication and/or advocacy evidence: Public statements; press releases; speeches; website 
content (FAQs, blogs, explainers); internal communications (emails, newsletters); workshop 
reports; survey results (staff, users); and event agendas and participation records. 
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Annex C. Bibliography and further reading  

Frameworks and institutional readiness 

• Governing with Artificial Intelligence | OECD (link)  
• AI Readiness Assessment Guide (AI-REAL Toolkit) | Digital Cooperation Organization link)   
• The CIO’s Guide to Artificial Intelligence | Gartner, 2026 link) 
• Generic Statistical Business Process Model (GSBPM), Version 5.1 | UNECE (link) 
• Generic Activity Model for Statistical Organisations (GAMSO), Version 1.2 | UNECE (link) 

PARIS21 and TTAI core publications  

• Towards AI-Ready National Statistical Offices: A Framework for Strengthening NSO Capacity in 
Low- and Middle-Income Countries| PARIS21 (link)  

• Fostering AI Readiness and Responsible Redistribution of Official Statistics | World Bank and UN 
CCSA link) 

• PARIS21 Strategy 2021-2025: Better Data for All | PARIS21 (link) (link) 
• AI for the SDGs and Official Statistics: Working Paper | PARIS21 (link) (link)  

Sectoral and technical practice  

• Machine Learning for Official Statistics – Playbook | UNECE link) 
• Updating Occupational Classifications Using Machine Learning | ILO (link)  
• AIML4OS WP7 – AI/ML on Earth Observation Data | Eurostat (link) 
• https://statswiki.unece.org/display/SDE2024Labour Market Intelligence: Drafting Analysis Reports 

with Generative AI | UNECE Workshop on Generative AI link) 

Governance, ethics and infrastructure  

• Generative Artificial Intelligence in Official Statistics: Using, Implementing and Developing | 
UNECE HLG-MOS (link) 

• Which Strategies for NSOs in the Digital Era? | OECD (link) 
• Creating an AI-Ready Organization | TDWI Best Practices Report Q1 2025 (link) 

• Use of Generative AI in Statistical Organizations: CES Survey Results | UNECE (link) 
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https://www.gartner.com/en/chief-information-officer/research/ai-maturity-model-toolkit
https://statswiki.unece.org/display/GSBPM
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A Practical Guide for NSOs :  
The AI Readiness 
Self-Assessment
National statistical offices (NSOs) face a dual challenge: meeting growing de-
mand for timely, granular, and trustworthy data whilst contending with strained 
budgets, skills gaps and outdated systems. This dual challenge represents 
a burden that is felt most acutely in low- and middle-income countries, and 
artificial intelligence (AI) offers significant opportunities to alleviate some of 
the strain. AI can automate labour-intensive tasks, enhance analytical capa-
bilities and modernise data dissemination, but its benefits are not automatic. 
Responsible AI adoption requires the right institutional foundations such as 
governance safeguards, skilled people, robust data infrastructure and clear 
mandates and strategies. 

This guide introduces the AI Readiness SPEEDometer, a structured self-as-
sessment toolkit designed by the Task Team on AI for Official Statistics (TTAI) 
to help NSO leadership and technical teams gauge and strengthen their 
preparedness for AI in an evidence-based, pragmatic manner. Built on the 
SPEED framework, evaluating five domains of readiness: State, Policy, Ex-
pertise, Engine (Data and Infrastructure), and Delivery, the toolkit comprises 
this guidance document, an Excel scoring tool, and a PowerPoint Action Brief 
template. The five-step self-assessment is lightweight, NSO-led, and complet-
ed in approximately six to ten weeks, producing not just a score but a clear 
baseline of AI readiness that enables evidence-based conversations with gov-
ernment counterparts, partners and funders. 
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